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1. Introduction

Expensive private education generally provides aefive amenities and networking
opportunities, but it is not always associated via#iter results. Results, in fact, depend not
only on available educational resources but alsotlmn characteristics of their student
population. If the costly resources financed bwate school fees are complementary to
students’ talents, then they attract better studélrtiis appears to be the case in Anglo-Saxon
and other countries where the public school sygissaides only basic education, and private
schools are attended by more talented studentd(&a, 2002). In Italy and other countries
with relatively demanding and selective State sthamnversely, private schools are chosen
by somewhat less talented pupils, who benefit frerpensive but essentially remedial
educational services (Bertola and Checchi, 2018n&to and Rocco, 2008; Bertola, Checchi
and Oppedisano, 2007).

For France, the PISA 2009 survey studied by e.gCDK2012) and Bertola and Checchi
(2013) does not identify privately funded and/oeged schools. The French State pays the
salaries of teachers at private schools ofsthgs contratype that, while privately run, commit

to employ only State-certified teachers and to atliyl the same academic standards as State
school. Almost all French private schools acceptteSfunding and these constraints. The
substantial cost of the former makes it all the enimteresting to characterize how they use

student fee revenues and the substantial degréessedbm allowed by the latter.

This paper exploits National data sources to asdessducational effectiveness of French
private schools and the process that selects Fistndents into private education. The data do
not provide information on the pedagogical aspduas Bertola and Checchi (2012) interact
with individual background information to charadter cross-country differences in private
school sorting. In some key respects, however, direfata are more informative than those
available in the international PISA dataset andther country-specific data sets. A large and
detailed panel survey provides information aboutients’ individual background and about
educational achievements at different stages df ttereer, and individuals records can be
geographically matched to the summary statisticadrhinistrative data in order to exploit

within-country variation across “local educationarket” (LEMS).

Empirical analysis of these data faces identifaatissues similar to those confronted by
studies of Catholic private schools in the Unitadt&s (e.g. Coleman, Hoffer, and Kilgore,
1982; Evans and Schwab, 1995; Neal, 1997) and biplBe Checchi and Oppedisano’s (2007)

study of Italian private schools. In the US, Caithsthools deliver further education and labor



market outcomes that are better on average, aadidgsly related to the students’ background
than those observed in other schools. In Italyygte school students are on average less
successful than State school students. Some o# tiferences result from selection across
schools of heterogeneous students, whose perfomaepends on their characteristics directly
as well as through their school enroliment choilbe.identify the determinants and effects of
private school enrolment, instrumental variablesusth determine school choices but not be
directly relevant to results. Enrolment in Ameridaatholic schools is more likely for families
who are Catholic or reside near such schools, @b Italian families are more likely to
enroll their children in private schools. If religi, residence, and wealth do not directly
influence a student’s further progress, then passible disentangle the effects of schooling
from those of other background characteristics. |8Vtiebatable (see the references in Altonji
et al, 2005, footnote 2) such identification asstioms typically yield results suggesting that
schooling outcomes are less influenced by familgkgeound at American Catholic schools,

and less influenced by individual students’ abitiiylearn at Italian private schools.

Unlike the models estimated and reviewed by Altatjial (2005), where schools types may
only have a level effect on individual success philities while control variable coefficients
are restricted to be the same across schools,napirieal specifications allow observable and
unobservable variation to influence outcomes diifidlly across State and private schools. We
obtain interesting and fairly robust results exjohgj the abundance in French data of sources of
variation that influence enrolment but do not dikecinfluence school outcomes. To
disentangle the determinants of school choice ftieose of school performance, identifying
assumptions can exploit information in the avagalblata about each family’s financial
situation, past school choices, and school-chortieria, as well as regional variation of
educational market condition (following Martinez-Mp 2006, who finds that low-quality
private schools are more prevalent in US localitid®re property tax revenues support only

low-quality State schools).

2. Institutional structure

In France, secondary school includes a common |dexal (four years ofcollege and a
differentiated upper levelycéq that in three years can lead to achievementlacaalauréat
exit degree in academic (scientific, economic-dp@a literary) or technical tracks, with a
common first year and two years of more specialzedies. It can also be obtained in four

years by enrolling in an upper-secondary vocatitrealk that, like technical three-year tracks,



is employment-oriented. ffer obtaining thebaccalauréastudents can enter tertiary education,
which in France is mainly supplied by universitieg also byGrandes Ecoleand bylycées
some general ones select students i@msses Préparatoires aux Grandes Ecdl€PGE),
some professional or technical ones offer selectioeational programs (BTS). Any
baccalauréatlso makes it possible to apply for admissionelective vocational programs run
by universities (IUT), which are attractive for thest students from technical and vocational
tracks as well as for academic track students wildd obtain admission to longer and more

prestigiousGrandes Ecoles.

About 20% of students in secondary education atpeivdte schools. This percentage has been
stable since the mid 1990’'s (Maettz, 2004) ancdimewhat higher than the 17% observed in
primary (Vasconcellos and Bongrand, 2013). An oveiwing majority of the private schools
are of thesous contratype introduced by the 1959 Debré Act in ordemidude the private
sector in the country’s massive investment in primeducation primary level. Since the 1977
Germeur Act, asous contrasschools teacher salaries are entirely funded byStlate and, at
given seniority, are similar to those of State stheachers. In 2011, 93.5% of primary private
schools and 85% of private secondary schools &eoke privée sous contradnly 2.8% of the
students attending a private school were in totalljonomous private schoolécfle privée
hors contra} such as Montessori establishments (Vasconcetid8angrand 2013, p.13). As a
condition for State funding of teachers’ salaripsyvate schools have to teach the same
curriculum as State ones, and employ only teachlrs have passed a national competition

(concours.

The substantial cost of State funding of teacheegjes at private schools makes it all the more
interesting to find out how private schools useirtlamited autonomy. The academic
curriculum should in principle be the same in Statel insous contrafprivate schools, but
private schools may of course teach the materfiédrdintly, with different teachers, and to a

different student body.

State and private teachers are managed differaamly self-selected because, from their point
of view, the State career is more attractive. Stathool teachers are civil servants
(fonctionnairg, and they are assigned to jobs by a strictly attrative procedure: a vacant

place must be assigned to the applicant who ramdisest in terms of a score based on
concoursresults, seniority, and some career features (ssclerving in administrative or

managerial roles). While private school teacherstrhave passed an exam that is similar to
that of State school teachers, if they have alssquhthe latter they are not likely to seek

employment in the private sector, where careerspatid working conditions are much less



tightly regulated. Private school teachers’ contraare not written under private labor law
because the 1992 Coupet-Lang agreement recogriagdptivate education provide public
services hission de service publjiit is for this reason, as well as to avoid coidaswith the
private schools that the British call “public”, thae use “State” to refer to government-run
French schools). Like that of local government veosk their employment is subject to a form
of public law ¢€ontractuel de droit public that does not administratively restrict job
assignments: for each of the private school tegchositions funded and assigned to schools

by the State, school managers may freely choose@rooursqualified applicant.

Private schools are not only staffed by differesaichers, but also attended by different
students: private schools cater to richer familles;ause they are allowed to charge fees to
cover the cost of facilities, amenities, and supptaff (see Appendix 1), and because they can
set their own admission criteria (which, as a ctodli of sous contratfunding, must not
include religious allegiance). In the State sectostead, students generally must attend a
specific school within their area of residence (&ppendix 2 for details of this residence-based
sectorisationconstraint, which had been relaxed in previougsifut was uniformly very tight
over the period covered by our data: only a fete glcées in Paris could admit some excellent
students from a broader area). They may insteadsehto apply, and pay, for enrolment at

private schools.

2. Available data

The Panel d'éléves du second dedr#95-2006 selects by birthday and follows overetin
random 1/40th sample of the students who enteredchrlower secondary schocb(legg in
1996 The data includes information collected in theiahiyear about the student's math and
reading skills at entry in secondary school: aress®ent by the principal on a 0-10 scale,
relative to what is typical in France in generdhea than to that school or class, and test scores.
The progress of each student is followed duringséary school, and for up of 9 years after
upper secondary school completion. Both administatecords and survey answers are
available. About 94% of the initial sample is retd up to 2006, the year when they were
expected to complete their secondary studies. tistiriis much stronger afterwards, and this

leads us to focus on school achievement at th@ksecondary school.

! The dataset is documented and studied by e.g. maet al. (2005), Nakhili (2005), Cayouette-
Rembliere and de Saint Pol (201Rgforms, in particular of theectorisatiorrule discussed in Appendix
2, would make it very difficult to merge these daith the similar panels that started in 1980 a889l



Information about each student’s socio-economigasitn and primary school experience was
collected in 1998 from the family through mail gti@snaires and follow-up phone interviews.
This background information is available for 1528Q@he 17830 individuals in the first year of
the panel: 12981 families replied to mail questairgs, and 2309 more answered similar
guestions by phone. Beginning in 2002, when stideould have successfully completed
secondary school, annual surveys were administerdue students; answers are available for
16701 individuals. Undocumented sampling weights provided for responders to either
family survey phases (pondl), responders to theapasirvey phase (pond2), and for
responders to the student survey (jpond). We usapipropriate variables as Stata pweights in
our estimation, and we check that the results wmrteare substantially the same in all

available selected samples.

The data record the school attended by each studeswery school year. In 1995-96, the
17830 panel individuals are enrolled in 5686 dddtilmwer-secondary schools; in 2001-02,
1032 of them have dropped out of the sample (apbably also out of secondary school), and
the rest are observed attending 4594 distinct uppeondary schools. Each school is identified
anonymously, but we know its location up to cekdimed by size of town andépartement

local government units (there are @6partementin Continental France and Corsica). The
student’s residence need not be in the same Ipeaithe school’s. Neither it nor school grades
are recorded in the dataset, which however doestrgprious school performance indicators.
Family background information is collected in 19981en panel students should be finishing
the third or starting the fourth and final yealaiver secondary school. It includes a summary
indicator of the family’s socio-economic indicatothe educational achievements and
employment situation of the parents, retrospedtif@mation about pre-secondary schooling;

and a battery of subjective questions that we &urtliscuss and document below.

Detailed information is available about the contefngtudies: for each year from 1995 to 2006,
we know in which academic or vocational upper sdamntrack each student is enrolled at the
school attended (each school offers many, possiblfracks). The data report whether each
surveyed individual attends a private school. Csiastly with the aggregate statistics reported
above, for the overwhelming majority of private sshstudents the school type i€dntrat
d'association toutes classeonly a few dozen attendHors contrat private schools. No
information is available on the amount of scho@sfeand availability of the facilities and

pedagogical aids that are typically offered by gtevschools (see Appendix 1).

We complement the information available in the vittlial survey data set with that available
in the Base Centrale de Scolari{f®CS), the administrative database of the Frencltatibn



system. The data made available to us cover allih&23 French secondary schools in 2004,
2005, and 2006. They record whether each schaitésded by lower secondarmgo{lége or
upper secondanyycée students; for the latter, the academic or pradess curricula offered
by the school are recorded. The BCS also reportstheh the school is a private or State
establishment and, in the latter case, whetherelbriys to a ZEP gbne d’éducation
prioritaire”), or a REP (féseau d’éducation prioritair®, or is classified as établissement
sensiblé: all indicate that the school is attended by tigty troublesome and socially
underprivileged students and is granted some additiresources that are supposed to improve
the quality of State education but, by making iidemt that the school is attended by
underprivileged student, might increase the appeptivate education for families who reside
in poor or mixed areas. For each of the about Slkomstudents attending these schools in
each year, the BCS records age, gender, schoti¢sidad in the current and in the previous

year, and an indicator of socio-economic statusl@irno that recorded in the panel.

The anonymous identifier of the (also about 1108€Hools attended by the panel data set
students cannot be linked to BCS data, but the rgpbical location of the school is coded
similarly in both data sets. City sizes are recdrite 7 cells (from “rural” to “urban area
between 200 000 and 2 000 000 inhabitants”) andPHres urban area is coded separately. Of
course not all city sizes are present in ed@bartementit is possible to identify 456 city size x
départementocalities.

Aiming to characterize variation of education dethand supply within France at the level of
“Local Educational Markets” (LEMs), we will link ally aggregated BCS administrative data
to individual panel students. To better approximhte determinants of choices made in the
panel's earlier period, in doing so we classify B&$ools on the basis of the information

observed when they first appear in the administeadataset’

3. Data generating process

We specify the process generating these data ay adRection mechanism similar to that used

in earlier related work (see Bertola, Checchi amgh&dlisano, 2007, and their references). The

2 This is almost always 2004, but 101 schools appabrin one or two of the three available years of
data. No schools are observed switching in 20046 2@#ween State and private, or into/out of the REP
classification; only a few schools move into thePZg in 2005 and 1 in 2006) établissement sensible
categories (1 in 2005, 1 in 2006).



relatively high quality and fine detail of the awdile French data make it possible to use

somewhat more sophisticated methods.
Lety, D{OJ} indicate school failure or success by studemind suppose’s probability of
success is related to a vecr of individual characteristics (and a constant)abyector of

school-specific coefﬁcient;ﬁj - if i attends schogl, then
P,(y, =) =Pr(X, 8, + 1, +¢ >0). (1)
The individual characteristic¥X; are observable, and predetermined along Wjtkat the time

when school choices aim at maximizing the expeetde of the welfareu; (yi) realized
when the student succeedg 1) or fails (Y, = 0)

Py (y; =11 ) uy () + L= Py (y; = 117,) )uy 0)- @
From the family’s point of view, the realization 4f is already observed when choosing the

school, and; represents subsequent random events that prevsmbl ssutcomes from being
deterministic. From the econometrician’s point wéw, neither of these variables is
observable: individual is observed attending a private schodl¥ p) when that is better in
terms of (2) than a State schogl€ S), i.e.

P, (v, =117 (u, (1) - u, (0))+u, (0) > P.(y, =117,)(u, (1) - u, (0))+ u. (0) (3)
(similar inequalities also determine whether indixdals are observed in different curricula or
geographic locations).
The notation in (3) allows the welfare implicationg school performance to vary across
families indexed byi and schools indexed By The different relevance of success for

different students may reflect the more serioussequences of failure for families whose risk
aversion is strengthened by financial circumstancesto the asymmetric implications of
parents’ aversion to seeing their children achiegs than their own educational level (Breen
and Goldthorpe, 1997). This implies that the welfgain generated by academic success

differs across families, and may be a function b$ayvable variables that may include the

sameXi that influence academic success as well as otttilmns;,tedzi , that do not:

UM -u,O=u,®-u,O=f (xi "z ) - (4)



Private schools may also be appealing or unapgedbn financial, practical, or cultural
reasons rather than because of their role in detarghacademic results. To represent this, let

welfare differ across schools types in ways thairagepend on family characteristics:
U, @ -u, ®=u, 0 -u, @ =9(X,,2). ®)
Then (3) reads

9(X:.Z,)

Py(¥, = 11m) = Pu(y, = 217,) > LM

It depends on observable family characteristicsondt through the right-hand term but also,

recalling (1) and writing the choice criterion as

f(X,,2,)
P (Ei > _Xiﬁ -y ’7i)_ PS(Ei > _Xilgs _ysﬂi) > 1L
P P P g(xi1zi)
on the parameters of school-specific success detation.

It is natural to le¥’7; andé; (and their sum) be normally distributed but, agylas y, # 0 or

¥ # 0, probit estimation of (1) yields inconsistent ewttes. This is because variation of the
/7, performance-relevant information that is unobskle/géo us, but known by the family when
the school where we observe the student was choeplies that the unobservable;; + ¢,
and y 7, + & determinants of individual academic success areeleded with unobservable
determinants of school choice.

To correct for self-selection bias the specificatimay include a control function based on

approximating of the nonlinear criterion (6) withather probit equation. Denoting with,
and W, the coefficients of observables in that approxiomti noting that eachi’s
characteristics are observed either in a privateaicas X ; or in a state school 2, and
denoting with{(Oi ,Zpi,Zsi} the realization of a trivariate normal random ahl#, the resulting
system of probit equations is

j, = pfor X, u, +Z.u, +{, >0, |, = Sotherwise;

_ 7
if J; =P theny, =1forX B, +{, >0, y, =0otherwise, )

if ji =S then Y1 = 1 for Xsilgs +Zsi > Ov Y1 = Ootherwise,



Because no individual is observed both in a prigete a State school, the correlation between

Zpi and {  is not identified; other parameters (up to a stadéor) and predicted probabilities
can be estimated with the switch_probit Stata conthfaokshin and Sajaia, 2011).

The data can be informative about cross-schootmiffces not only through comparisons of
properly estimated within-school relationships kesw individual characteristics and academic
performance, but also through the school choicebetérogeneous individuals. Writing the
choice criterion as

[0)) —M - _XBs Ty, S f(xilzi) (6)
' g a a(x,,2,)

p

S

we see that the mean @f in each school type, for given parameters and rcates, is

influenced by truncation of its school-specifictdizution.
It is interesting to note that if,, is positive but smaller thagr then, at a given level of other

variables, a small}, makes private school enrolment preferable andemadsuccess less

likely. The choice criterion, however, also deperuh the variances of the unpredictable
disturbances, and on the observables variablepanagneters that determine the point at which

success probabilities are evaluated, and the praterrelated right-hand side of (6). Whenever
theX; individual characteristics are differently relevém success across schools, they should
appear as explanatory variables in the first-stadol choice equation. If they happen not to
be not directly relevant to school choice, so thatright-hand side of (6) only depends 4n,
then the sign and significance of the first-stagefficients or marginal effects oX; variables

provides information on differences across schamfiseach variable’s influence on the
probability of success. In particular, observabididators of ability to succeed in school

should, like unobservable ones, imply selection sthools where ability is less relevant. In
general, however, the first-stage equatiopg parameters do not have a structural

interpretation, because some or all of the perfoceaelevant individual characteristics may
also influence the welfare relevance of school sss@nd/or the relative appeal of different
schools. The selection equation’s probit functidiea is not structural, and identification of

the other equations’ parameters requires obsensdleces of choice variation that do not

directly matter for success, i.e., variables tiwiysate theZ, vector.



Exclusion restrictions can also make it possibledstmate by two-stage least squares linear

probability approximations of (1) and (6). Dummits observed successy, D{O,]}, and
private school enrolmentp, D{O,]} can be the dependent variables of linear regnesstuat
includeX ; = p,X;, the interaction between individual success-refe\aaracteristics and

the private school attendance dummy. In the regulthear system

yi :Xilgs-l-xpi(lgp_ﬁs)_*-U]j (8)
pi = Xitux +Zituz +U2i

the disturbancet; =y}, +& (plus the specification error induced by the linear
approximation) is correlated with the private sdhdoice that is embedded iX pi and, as

discussed above, is influenced By throughu, . It is possible to estimat@ and 5, - 5, by

two-stage least squares if sufficiently many eleimeiZ, are available to instrument thfe
variables for which the coefficients are allowedliffer across State and private schdols.

In what follows we further discuss functional foand identification issues, in the process of

applying these estimation techniques to the availekench data.

5. Sample and variables

The data report whether the student is attendimgiaate school during each year of the
secondary curriculunThe information irsecteur1995 can be coded into a dummy variable
privi995 that equals unity if the student is a private sthad the start of the panel, i.e.,
during the firstcollege year, that is an empirical counterpart of obserseldool choices in
specifications in the forms (7) or (8). Almost 1@¥the panel students are observed to choose
private school enrolment, in line with aggregatdistics. Students older than the normal age of
college entry, having repeated school years in primaryoskhcan be identified because
variabledatenai  reports the year of birth. Only 13224 students wayen in 1984: more
than a quarter of the panel individuals have regzbat least one primary school year; in the
data, they appear less capable and less successfiusomewhat less likely to enrol in private

school (only 16% of them do). We refrain from inigating them in this paper, and restrict

% It would also be possible to use a linear proligbsipecification only for (6), and estimate inteted
specifications of (1) by the Stata commawndprobit
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attention to the more homogeneous sample of stsdemb have not repeated any year by the

time they begin to be observed.

Available data record a variety of success indisativat may serve as empirical counterparts of

the y, outcome that in the model can be differently ratevfor families with different socio-

economic characteristics. A question in the fistealauréatsurveys elicits information about
the higher education track in which each panelviddil is enrolled after exiting secondary
school. The students reach that stage at diffeagess, depending on whether they have
repeated some years in secondary school. In whatvwe single out students who enter any
higher education track by the time the ploatcalauréatsurvey is administeredite_2002_4
equals one for students who start general or $edeloigher education tracks between 2002 and
2004.This is observed to be the case only for 7052 (58#he 13224 students who enter
collegeat normal age; success is more frequent at 58¥h&2597 (19.6%) of them who enrol

in a privatecollége?

Variation in terms of characteristics that predacademic success, included in vectdy

above, is observable though indicators of cognitkils at the beginning of the secondary
school curriculum. We focus in particular on thaaa principal’'s assessment of the student’s
skills at the time of entry in secondary schoolialsietalent is the average of the student’s
level in mathematics and in reading French at titeyeof secondary school, on a 0-10 scale
that is supposed to refer to France in generakrathan to what is observed in the specific
school. Its average is 6.84nong State school students and almost identical (6z88png
private school students, but observable skillsnadely heterogeneous within each group, with
standard deviations of 1.74 and 1.58 respectivahyg positively correlated with academic
success: Figure 1 plots all observations talent and he_2002_4 along with an
unsurprisingly and strongly increasing nonpararoetstimate of the relationship between these
indicators of initial skills and final success.

Information on the family’s socio-economic statusl &ultural level and can be used to assess
how variation in those respects influences theatbjes and constraints of educational choices.
The panel data reports a classification in of #maily head’s occupation, reconstructed by the
data provider on the basis of information from betihool records and the family survey.

Figure 2 shows that socio-economic status is slyaetated both to the skills of students at the

* Non-response to the student survey is coded asr@ avhich might mislabel as a failure the
performance of students who e.g. drop out of theepbecause they enrol in foreign higher education
institutions.
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beginning of secondary school (assessed by thepgmecific mean otalent on the
horizontal axis) and to the probability of academiccess (assessed by the group-specific
mean othe_2002_4 on the vertical axis). It is also clear that anat thithin each group initial
skills are widely heterogeneous, and that theserma&asures of cognitive skills are strongly
and almost linearly positively correlated on a gr@verage basis, with some interesting and
interpretable outliers: children of arts and mesl@kers are on average smarter at age 10 than
one would think on the basis of their observedrlatademic achievement, and the opposite is

true for children of farmers and foremen.

This descriptive evidence need not reflect a diiafluence of socio-economic status on
educational outcomes. Some of it is mediated byst@ol choices that we aim to model and
may be shaped by financial conditions, and sonspusiously driven by the correlation of job
market outcomes with the family’s cultural climafEhe educational level attained by the
parents, at given socio-economic status, may comvigymation that is relevant to school
performance and school choice: Better educatednfsarimdicate both that the child’s
background is likely to make learning easier, dvat telp is available from the parents when
difficulties arise. The base specification we répocludes dummy variables that take value 1
when the father or the mother obtained a tertimgréle:he_father= 1 when A16P=8 or 9,
he _mother=1 when A16M=8 or 9.

Another observable exogenous determinant of sattomite and achievement is gender, which
in the data is strongly correlated with school ckeiand outcomes. Figure 3 shows that female
students are somewhat differently likely to choopper secondary tracks that are more likely
to lead to tertiary education, and more likely twad in tertiary education within each track.
While in this paper we do not model such choicesratbgenous elements of strategies aimed
at achieving higher education and life objectiviesyould be inappropriate to exclude gender
from the determinants of the higher-education auie® and private school choices we do

model®

® Gender may be relevant also because parents artjc value the socially selected and well-
disciplined student population of private schoaolstheir female children.
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6. Results

We proceed to implement the specifications outliakdve, aiming to assess whether observed
skills and background influence school outcometedihtly in private and State schools (and,

therefore, also influence school choice).
6.1 Linear models

An indication of these differences is offered bytirmates of the approximate linear
specification (8), which has two important advaetw@ver the probit system (7). First, its
linearity makes it straightforward to control foritlin-country variation including fixed
geographic effects: individual characteristicsatewed to matter only to the extent they differ
from those observed in a group of similar individuthat is likely to be faced by common
educational supply conditions and influenced sirlyildy other socio-economic factors, and
only heterogeneous in terms of financial and caltoonditions Second, the estimates provide
a sharp snapshot of differences between State dwvatgpschool on a sample-average basis:
because they do not allow estimated effects teediicross students and schools other than
through explicit interactions, the estimates theyjivér do not need to account for other

observable or unobservable heterogeneity.

For identification the system requires restrictiomsthe number of coefficients that may differ
across private and State schools. In specificatitiagé allow only the intercept and the
coefficient of assessed initial skills (varialgent ) to differ across State and private
schools, at least two instruments are needed, laghdnel’s family survey data contain two
individual variables that are plausible empiricaliaterparts for the data generating model's Z

instruments.

After accounting for variation of factors that infince private school enrolment through its
contribution to educational outcomes, an indicatiothe particular relevance of other factors
that generate demand for private education (sugeagraphical proximity, sporting facilities,
and ideology) is attendance of private pre-prin@ryprimary schools. Relevant information is
gathered by two questions in the 1998 survey oflfesn we code the dummyiv_b to take

value zero if replies to B3 and B7 are both 1="tefyi in State school” or missing, so that

® Fixed geographical effects play a similar roleBorgess et al's (2015) study of school choices in
England, where families may apply for enrolmensjrecific public primary schools; the preferences of
the roughly 5% of English families who choose ptévechools are not estimated in that paper.
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priv_b=1 indicates that the student had at least some padary private schooling. The
association between this and further private sechgahay capture the cultural inclination of
the family, or inertia, as well as the relevanceséxondary school choices (at given other
observable sources of variation) of features — sschull-time attendance or low likelihood of

strikes — that do not directly matter for schoaiulés.

Household financial resources are plausibly relet@aithe choice of paying the fees levied by
private schools, and not directly relevant to stlmcomes. Income, wealth, and tuition fees
are not reported in the data, but the relevandinahcial consideration is captured (at given
levels of parents’ education and occupational sjaby a 1998 survey question. We code this
information in the dummyic , taking value 1 if A26=1 indicates that family’s oesces are

very far from sufficient to allow the child to pues his or her studies for as long as (s)he
wishes. The identifying assumption is that, aftemtoolling for other covariates, this

information does not directly matter for schoolules and is of course debatable in that

(everything else equal) better financial resournaht signal ability rather than luck.

Table l1a reports linear regression results withdirffects at the level of LEM cells defined by
Department and city-size indicator, the most dethigeographical location information

available in the data, to control for all local émmnding factors. The OLS estimates of the
interacted regression, reported for comparison gaep, find enrolment in a private lower-
secondary school to be significantly and positivel\ated to tertiary education enrolment after
controlling for initial skills, parental educatioand gender (all extremely significant), and do
not detect any significant interaction with initiakills. Treating private secondary school
enrolment as an endogenous variable and instrungenti with private primary school

enrolment and financial constraints indicatorsh@itor both of which are missing for about 3%
of the observations) only slightly reduces the vatee of parental education; but it has a
dramatic and interesting effect on the estimatédhf® school and individual skills interaction:

the impact of initial skills on eventual successti®ngly and negatively influenced by private
school enrolment. This indicates that private sthgocan remedy individual shortcomings,

and consistently with this in the first stage ihi® only predicted by primary school enrolment
and prevented by financial constraints, but alsgatieely associated with initial assessed

skills.

" A dummynofic valued 1 if A26=4 indicates that financial res@s@re more than sufficient turns
out to be a very weak instrument for private sctadalice, consistently with the fact that Frenclvaie
schools are not very expensive.
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The regressions reported in Table 1b allows dummaiesll socio-economic status categories
to enter the OLS specification and either as imetldor excluded variables of 2SLS
specifications (coefficients not reported). In fivet two columns this has a very small effect
on the coefficient estimates of the more interfnetasariables already included in Table 1a,
which continue to indicate that problematic studefibhd private schooling attractive and
choose it if they can afford it. Interestingly,thre 2SLS regressions the parental education is a
more strongly significant determinant of schoolcss when socio-economic status categories
are excluded from the second stage; in the fiegjestthe financial constraints indicator is no
longer significant when socio-economic categories iacluded as determinants of private
school enrolment. These results suggest that tengievels of parental education) socio-
economic status categories capture financial hgeeraity that is relevant to private school

enrolment, but is only mildly and collinearly ditlcrelated to school achievement.
6.2 Summary indicators of socio-economic and geographical variation

To provide a more interpretable indication of themed other effects, the following
specifications replace the complete set of socanemic categories dummy coefficients with a
binomial indicator of privileged family backgrounthe dummyses_ h equals unity for the
socio-economic categories that in Figure 2 on a@eesiasue relatively skilled and successful
children® We do not report the very similar result thislggefor the regressions reported in
Table 1b. Table 1c displays the results obtainednses_h appears as an instrument along
with its interaction with a LEM-level variable commed from BCS administrative information:
badLEMis the proportion of the student population tisagmrolled in problematizep,
REP, orétablissement sensibjgoblematic schools. This variable canmgpear in levels
whenLEM fixed effects are present, but its interactwith ses_h is a significantly positive
predictor of private school enrolment. This sensihbdicated that private school enrolment is
chosen not only by families with slow-learning dnén (as indicated by the negative
coefficient oftalent in the first stage regression) and no stringerdarigial constraints (as
indicated by the negative coefficientfaf ), but also by high socio-economic status families

that otherwise would have to send their childreartderprivileged local public schools.

8 In the sample of normal-age students with survdgrination, 3301 (37%) students belong to these
socio-economic categories, which are: 23.Entreprenwith >9 employees; 31.Self-employed

professional; 32.Public sector executive; 33.Teackecondary and tertiary; 34.Scientist; 37.Private
sector executive, administrative; 38.Private seawecutive, technical; 42.Teacher, preschool and
primary; 43.Paramedic or social worker; 44.Clerg)6.Public sector supervisor, administrative;

46.Private sector supervisor, administrative; 4gtihécian.
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To similarly try and interpret the geographicaleiikeffects captured by location dummies in
the specifications reported above, in linear regioes specifications fixed effects can be
replaced by variables that capture relevant gebggajpvariation. In order to exploit variation
across the “Local Educational Market” environmentsvhich individual panel students make
their choices, we further characterize with adntiatsve data the schools observed in that
environment. LEM characteristics may plausibly d®rboth across town sizes and across
towns of the same size within each department.eBeh of the 456 cells defined by the
départemenand size of town where the individual studentyeyed in the panel are observed,
we computep_hses , the share of students who belong to the prividegecio-economic
categories coded ags_h for panel individuals, and_priv , the share of students enrolled
in private schoolsTo give a sense of the extent to which these indicators indeed vary across
French localities, Figures 4 and 5 display their variation across departments and city sized

separately.

Because these frequencies are computed acroshadlisn the LEM, whether or not they were
chosen by panel individuals, they characterize éheironment in which those individual
choices were made. The information is impreciseabse schools might have been chosen
from narrower or broader area of feasible commutimgt arguably relevant. Including the
area’s average socio-economic characteristics ahdtigthe individual family’s cultural and
socio-economic status captures the idea that ttier I relevant to school choices when
measured relative to that of classmates the fawolyld like to have or avoid for their children.
In the first stagep_hses also approximate the availability and appeal othbigeducation
opportunities, both likely to be stronger in rictaeas. After controlling for socio-economic
characteristics, the LEM-level incidence of privatehooling may plausibly capture local
supply effects and cultural characteristics. Urttieridentifying assumption that these are not
directly related to school outcome, the incidentgrivate schooling can be an instrument
along with private primary school (capturing cuduccharacteristics specific to the family

within the LEM) and financial constraints.

Table 2 reports the results, which are similarhiose displayed in previous tables when the
variables are the same and offer additional insighte LEM proportion of privileged students

has a moderately significant and sensibly positivefficient as a determinant of tertiary school
enrolment. It is insignificant in the first stagehere secondary private school enrolment is
determined by the regional prevalence of privatesting as well as by the other instruments

introduced above. While these interpretable resiffes an interesting perspective on economic
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and cultural determinants of school choice andgpatéince, the testable restriction that the
fixed effects estimated by the previous specifaratare well approximated by observed
regional variation is unsurprisingly rejected bg tfata in the first and second stage. Of course,
other characteristics of the location directly effbigher education and other outcomes, and
there must be unobservable geographical variatiothé characteristics of private education
and in various factors that influence outcomesatliye(such as the presence and quality of

universities and other tertiary institutions).

All the estimates reported so far deliver a comsisand intriguing message: private secondary
schooling has different effects on academic perfmes along the distribution of talents
assessed when entering secondary school. The esdimain and interaction effects of private
schooling and skill assessment are very similallispecifications and, if taken at face value,
suggest that private schooling is beneficial oolyldelow-average students, and has a negative

effect for students assessed above about 7/1@ &etjinning of secondary school.

While this is an intriguing and fairly robust resuhe linear approximation has shortcomings
that are very apparent in the application propdssd. First, the linear specification requires an
a priori choice of which coefficients may differrass State and private schools, the number of
which is severely constrained by availability oftable instrumental variables: allowing the
intercept andk slopes to differ requirek+1 instruments that should predict rather collinear
interaction effects in suitably distinct ways, aihds difficult for the linear specification to
reliably estimate other interaction effettSecond, sharpness of the estimates comes at @ heav
cost in terms of approximating a more complex teatill the specifications we reported so far

predict success probabilities that are often veative, or largely exceed unity.
6.3 Probit specifications

As usual, the linearized systelis tasy to interpret, providing parameter estimdted do not
require transformation to learn the effects of aymssor on the mean of the dependent
variable. It has a role to play in empirical work isummarizing the data as regards the
conditional mean function and for initial exploratis of the data, and virtually all

practitioners use it for this purpose. But beyonid it has no defensgMoffitt, 2001).

® The coefficients of parental education may plausitifer across private and State schools if they
might if they capture availability of help at homeather than ability to learn. Many instrumental
variables are available in the regression displageithe third column of Table 1b, which excludek al
socio-economic categorical dummies from the seciade; but including as endogenous regressor to
include interactions of private school choice wiparental education and with gender estimates
insignificant coefficients for all of them.
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We can and do move beyond and estimate the nonksdection model (6), which allows all
coefficients of performance-relevant variable téffedi across State and private schools, and
report results of specifications that approximateM. variation with BCS indicators offers

results that are complementary to and consistahttiwbse or linear specifications.

Table 3a reports results of separate probit estmain the subsample of private and State
panel students: like the OLS estimates reportguémious tables, these are biased by selection
effects but useful for comparison purposes. Iniadr, it is interesting to note that the
constant term of single-equation probit specifimadiis more negative in the private than in the
State sample, which would superficially suggest {gaven observable characteristics) private

schools deliver worse educational outcomes.

The opposite relationship between the constantstesrhowever observed in Table 3b, where
the two outcome probit equations are estimatedralting for selection bias with another
probit where private school enrolment is determinetonly by outcome-relevant variables but
also, with significant and sensibly signed coeéfits, by the individual student’s previous and
LEM-level private enrolment, by the family’s finaat constraints, and by the prevalence of
problematic schools and its interaction with sa@@nomic status. The intercept is now less
negative in private schools: their students appess likely to succeed in Table 3a (given
observables) not because private schools are haddezause the students are unobservably
bad in ways that lead them to choose private satfmpaConsistently with this observation, the
estimated correlatiorhol between unobservable determinants of successivat@rschool
and unobservable determinants of private schodtelis significantly negative, whildoO is
positive (if insignificantly so). As discussed ir@ion 3, so in the data failure for unobservable
reasons is more likely when private school was ehdsr unobservable reasons, because not
only observably (as suggested by the negative icaaft oftalent  in the choice probit) but
also unobservably weak students tend to enroltiirafe schools when it is possible for them to

do so.

Extension and further interpretation of these tesisl more difficult and complicated than in
the linear specifications above. It is interestingsee in Table 3b that the father's education
does not appear to significantly determine sucoegsivate schools, assessing the robustness
of this result would require additional investigati Specifications with fixed-effects
estimation are numerically challenging for nonlindanctional forms; while the simple
binomial indicatorses_h may not adequately represent the relevant finhragid cultural

socio-economic factors, and is not a significarterdeinant of private school choices, it does
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attract significantly positive coefficients as aateninant of success in similar regressions that
include it in the second stage along with pareethlcation indicators - which, like the other

included variables, have very similar coefficieatsl significance levels in this specification.
As to interpretation, differences of coefficientsrass private and State schools cannot be

detected reliably by testing Whetb{é,; = [, because the variance of unobservable factors is

not identified and may plausibly differ across tireups of individuals observed in different
types of schools (Allison, 1999). It is instead gibke and interesting to compare the predicted
probabilities of academic success across diffesehbols, which in the choice criterion (3)
contribute to determine school choice regardlesshather they are implied by differences of
slope parameters or variances. The difference legtwaccess probabilities (i.e., the treatment
effect of private schooling) provides information oross-school heterogeneity that is more
precise than that of the linear probability appneiions, but also more complicated to convey.
Since probabilities depend nonlinearly on covasiaiteis necessary to compare them at specific
valued of the latter. The statistical significarafetheir difference can be assessed by a linear
approximation of their covariance matrix (Scottp2y) or by evaluating the normal probability
distribution at the confidence bounds of the priediclatent variable; the 95% confidence

intervals plotted in the Figures are computed withlatter method.

Figure 6 shows, using the estimates reported ineTal, that for a student with sample-mean
levels of all covariates except gender (set to &hidr concreteness) tertiary enrolment is more
likely at private schools, significantly so at inteediate levels of assessed initial skills. Figure
7 considers two less hypothetical individuals, boidde, one with highly educated parents and
one without any tertiary-educated parent. For tnmér, learning is likely to be easier and help
at home is available if needed, and there is noifsignt difference between the effects of
enrolment in State or private school. Private etiogasignificantly improves outcomes for the
latter, who is likely to need help and (dependingfioancial and local condition) may or may

not be able to get it from a private establishment.

7. Conclusion [preliminary]

The empirical approach and results of this papggest that France is more similar to Italy
than to Anglo-Saxon countries within the spectrunsahool system configurations identified
by Bertola and Checchi (2013), in that French pievechools provide educational resources

that appear to substitute rather than complemegit students’ ability to learn. The rich
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information available in French data makes it duedio characterize this feature in a variety of
specifications.

The strong role of socio-economic status and firreonditions in determination of school
and life results is remarkable in a country thadliionally values equality of opportunity, and
organizes its State school system to pursue itulferance truly wish to level uneven family
backgrounds, the results of this paper indicateith&tate schools should try and provide more
of the educational services supplied by privat@stsh In light of the institutional information

reviewed in Section 2, achieving this may involverm of State personnel management.
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Appendix 1: The cost of attending a private school in France

According to Merle (2012), little reliable informam is available on the cost of attending
private schools in France. Notably, the Foge&d@ration nationale des organismes de gestion
de I'enseignement catholiqudoes not report such information for its Cathqro/ate school
members.

Within a given private school, total cost differg@ss students depending on the services they
use: one of the Merle (2012) case studies reptrds, in a region characterized by a
traditionally high share of private (Catholic) edtion, the basic cost of a secondary school
year is 770 €, but the family may also pay 216€ dopervised afterschool classé&sufles
surveilléey, or 553€ for availability of a teacher to helptiwhomework ¢tude encadrée
access to a locker costs 59€, parents pay forhidren lunch more than in State schools, and
additional fees are charged for specific curriqslach as international sections). The total cost
is therefore much higher than the basic fee, andstdo increase with the education level
attended (the option ‘international section’ castyy 212€ in primary school, but 1006€ for the
last year of secondary school), and can easilyezk2800€ for a final-yeatgrminalg student
preparing for théaccalauréat

Private schools also typically offer discountedsfée the families with more than two children
(familles nombreusgsMerle (2012) reports discounts of about 20% e fees for the third
child and 40% for the fourth one. Poor families als entitled to lower fees if they apply for
access to the solidarity fund, which they may tieffeom doing for reputational reasons.

The cost of private education also varies conshdgracross schools, and across geographical
areas, with schools located in high-income areasgolmg higher fees. Merle (2012) finds that
fees to be higher in regional capitals, and aréquéarly high in Lyon and in Paris (where the
annual basic fees amount to 1826€ and all the cthietices supplied are far more expensive
that those exemplified above for provincial schooisParis, after-school classes cost 1826 €

and lunches 1156 € per school year).
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Appendix 2: State school choice constraintsin France

The sectorisatiorsystem introduced in 1963 assigned each studdshifiig primary school to

a single lower secondary schoobllégg, on the basis of residence in that school’s catait
area, and students finishing eamgdillégeto a singlelycée This made it easier to manage the
massive expansion of French education at the tame was consistent with the aim of ensuring
that the quality of State education would be homegeis across all schools.

In 1984, it became possible for parents to askedhgcation Administration for an exception to
this assignment rule, and at the same time scheete given wider autonomy in offering
specific pedagogical projects such as remedial fgslpecially in underprivileged geographical
areas), exotic language courses, and curriculaall@ated intense sport activity. This led to a
more polarized schooling system, with stronger eatration in each school of students with
similar social background (Merle, 2012). Some 10Rthe parents applied for an exceptional
reassignment on average, but up to 20% in some.aREmssignment was granted (to 60% to
80% of the applications in each area) if a slot axalable in the targeted school and enough
students remained in the default school.

In 1987 the assignment process was relaxed byntheduction of “free to choose” zones in
places where the default assignment did not seegenerate too many and uneven exception
applications. Initially, only about 11% acblléges were in such zones, and only five of twenty
administrative districts in Paris. By the end oB@9half of thecolléges and a quarter of the
lycéeswere allowed to enroll students from outside tlae@a without a formal application for
exception from the default assignment; in 1993Rhkds area was divided in only six districts,
within each of which any school could in princifle chosen by students: 75% of the students
of each school had to reside locally, but up to 25d be enrolled from elsewhere, making it
possible for prestigious schools to selectively iidjpod students. Along with increasingly
loose criteria for formal derogation of remainingnstraints, relaxation ofectorisation
constraints generated intense strategic behayigakents (who aimed to enroll their children
in schools they perceived to be better) and by @sh¢ihat launched attractive pedagogical
project aiming to attract good students).

In 1997 a strict automatic assignment principle wastroduced, and remained in place until
2007.
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Table 1a Dependent variable: in Higher Education by
LEM fixed effects

OLS 2sls

inpriv 0.108* 7.799%**
(0.05) (2.08)

talprv -0.010 -1.109***
(0.01) (0.30)

talent 0.109*** 0.303***
(0.00) (0.05)

he_father 0.088*** 0.081**
(0.01) (0.03)

he_mother 0.104*** 0.085**
(0.01) (0.03)

fem 0.112%** 0.142%**

(0.01) (0.02)
Instruments: fic
df_m 436.000 445.000
N 9224.000 8941.000
(robust standard errors), p-levels +<0.1 <*0.05 **<

First-stage regressions

inpriv talpriv

fic -0.025** -0.090
(0.01) (0.07)

priv_b 0.553*** 3.881***
(0.01) (0.09)

talent -0.005* 0.142%**
(0.00) (0.01)

he_father -0.000 0.002
(0.01) (0.08)

he_mother 0.009 0.056
(0.01) (0.08)

fem -0.005 -0.009
(0.01) (0.05)

df_m 434.000 434.000

N 8941.000 8941.000

(robust standard errors), p-levels +<0.1 <*0.05 **<
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priv_b

0.01 ***<0.001

0.01 ***<0.001



Table 1b Dependent variable: in Higher Education by
LEM and SES fixed effects

OLS 2sls

inpriv 0.084+ 6.798**
(0.05) (2.16)

talprv -0.008 -0.968**
(0.01) (0.31)

talent 0.104*** 0.275***
(0.00) (0.05)

he_father 0.045** 0.049+
(0.02) (0.03)

he_mother 0.085*** 0.076**
(0.01) (0.02)

fem 0.114%** 0.139***

(0.01) (0.02)
Instruments: fic priv. b f
df_m 462.000 471.000
N 9224.000 8941.000
(robust standard errors), p-levels +<0.1 <*0.05 **<

First-stage regressions

inpriv talprv

fic -0.013 -0.017
(0.01) (0.07)

priv_b 0.544*** 3.817***
(0.01) (0.09)

talent -0.006** 0.134***
(0.00) (0.01)

he_father -0.012 -0.076
(0.01) (0.09)

he_mother 0.004 0.024
(0.01) (0.08)

fem -0.003 0.001
(0.01) (0.05)

LEM f.e. YES YES

df_m 460.000 460.000

N 8941.000 8941.000

(robust standard errors), p-levels +<0.1 <*0.05 **<
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2004
LEM f.e.
2sls
4. 458+
(0.86)
-0.631***
(0.12)
0.218***
(0.02)
0.083***
(0.02)
0.093***
(0.02)
0.129***
(0.01)
ic priv_b SES f.e.
445.000
8941.000
0.01 ***<0.001

0.01 ***<0.001



Table 1c Dependent variable: in Higher Education by

LEM fixed effects

2sls

inpriv 8.682***
(2.01)

talprv -1.235%**
(0.29)

talent 0.325***
(0.05)

he_father 0.081**
(0.03)

he_mother 0.083**
(0.03)

fem 0.145%**
(0.02)

Instruments: fic priv_b
ses_h sesh_badLEM
df_m 445.000
N 8941.000
(robust standard errors), p-levels +<0.1 <*0.05 **<

First-stage regressions

inpriv talprv

fic -0.022* -0.078
(0.01) (0.07)

priv_b 0.552*** 3.875%*
(0.01) (0.09)

ses_h 0.003 -0.002

(0.01) (0.08)
sesh_badLEM 0.080* 0.508+

(0.04) (0.28)
talent -0.006** 0.139***
(0.00) (0.01)
he_father -0.009 -0.043
(0.01) (0.09)
he_mother 0.006 0.036
(0.01) (0.08)
fem -0.004 -0.005
(0.01) (0.05)
df_m 436.000 436.000
N 8941.000 8941.000

(robust standard errors), p-levels +<0.1 <*0.05 **<
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0.01 ***<0.001

0.01 ***<0.001



Table 2 Dependent variable: in Higher Education by

ols 2sls

inpriv 0.113* 8.877**
(0.05) (1.99)

talprv -0.009 -1.259***
(0.01) (0.29)

talent 0.108*** 0.329%**
(0.00) (0.05)

he_father 0.089*** 0.083**
(0.01) (0.03)

he_mother 0.102*** 0.075**
(0.01) (0.03)

fem 0.112%*= 0.150%**
(0.01) (0.02)

p_hses 0.162** 0.194+

(0.05) (0.11)
Instruments: priv_b fic

badLEM ses
df m 7.000 7.000
N 9224.000 8941.000

(robust standard errors), p-levels +<0.1 <*0.05 **<

First-stage regressions

inpriv talprv
b/se b/se

priv_b 0.543*** 3.817***
(0.01) (0.09)

fic -0.026** -0.104+
(0.01) (0.06)

p_priv 0.485*** 3.344***
(0.03) (0.20)

ses_h -0.004 -0.037
(0.01) (0.08)

badLEM 0.062** 0.474***
(0.02) (0.14)

sesh_badLEM 0.090* 0.515+
(0.04) (0.28)

talent -0.005* 0.144%**
(0.00) (0.01)

he_father -0.009 -0.045
(0.01) (0.08)

he_mother 0.007 0.042
(0.01) (0.08)

fem -0.004 -0.002
(0.01) (0.05)

p_hses 0.005 0.117
(0.04) (0.28)

df_m 11.000 11.000

N 8941.000 8941.000

(robust standard errors), p-levels +<0.1 <*0.05 **<
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p_priv ses_h
h_badLEM

0.01 ***<0.001

0.01 ***<0.001



Table 3a Sector-specific probits

Outcome: Entering Higher education (between 2002 an

Starts secondary in Private State

p_hses 0.376 0.532**
(0.37) (0.18)

he_father 0.145 0.343***
(0.09) (0.05)

he_mother 0.326*** 0.336***
(0.09) (0.05)

talent 0.304*** 0.320***
(0.02) (0.01)

fem 0.286*** 0.358***
(0.06) (0.03)

_cons -2.060%** -2.432%**
(0.17) (0.08)

df_m 5.000 5.000

N 1836.000 7388.000

(robust standard errors), p-levels +<0.1 <*0.05 **<
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d 2004)

0.01 ***<0.001



Table 3b Switching probit

Outcome: Entering Higher education (between 2002 an

Starts secondary in Private State

p_hses 0.366 0.485**
(0.37) (0.19)

he_father 0.111 0.339***
(0.09) (0.05)

he_mother 0.314*** 0.333***
(0.09) (0.05)

talent 0.301%** 0.319***
(0.02) (0.01)

fem 0.281*** 0.357***
(0.07) (0.03)

_cons -1.9271%** -2.402%**
(0.18) (0.09)

df_m 5.000 5.000

N 1836.000 7388.000

(robust standard errors), p-levels +<0.1 <*0.05 **<

rhol
rho0

chi2_c

-0.118
(0.05)
0.036
(0.06)
5.620 p-level 0.06

Outcome: Private school in 1st collége year

p_hses 0.281
(0.20)

he_father -0.049
(0.06)

he_mother 0.024
(0.05)

priv_b 1.736%**
(0.04)

fic -0.165**
(0.06)

p_priv 2.454%**
(0.14)

badLEM 0.537***
(0.12)

SESh_badLEM 0.361+
(0.20)

ses_h -0.013
(0.06)

_cons -2.094***
(0.06)

df_m 9.000

N 8941.000

(robust standard errors), p-levels +<0.1 <*0.05 **<
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d 2004)

0.01 ***<0.001

0.01 ***<0.001



Table 3c Switching probit, allowing ses_h to appear

Outcome: Entering Higher education (between 2002 an

Starts secondary in Private State

p_hses 0.209 0.396*
(0.38) (0.19)

he_father 0.029 0.222%**
(0.10) (0.05)

he_mother 0.288** 0.290***
(0.09) (0.05)

talent 0.298*** 0.312%**
(0.02) (0.01)

fem 0.290*** 0.363***
(0.07) (0.03)

ses_h 0.176* 0.233***
(0.08) (0.04)

_cons -1.920*** -2.386***
(0.18) (0.09)

rhol -0.111

rho0 0.052

chi2_c 5.420 p-level 0.07

p_c 0.067

df_m 9.000

N 8941.000

38

in second stage

d 2004)



