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In the last decade, researchers have begun to nsakef quantile regression methods
to analyse the gender gap across the entire wagebdtion (rather than at just the
mean or the mediah) These studies provide a more detailed insiglat né gender
earnings gap and special emphasis has been pladbe dindings of relatively larger
gender gaps amongst higher earners (the so cgliess‘ceiling effect’) and amongst
low earners (the ‘sticky floors effect’). Similao the familiar Oaxaca (1973) and
Blinder (1973) decomposition of the gender earmgag at the mean into the portion
attributable to the differences in individual chaeaistics and the portion attributable
to the differences in returns to these characiesisthe quantile regression framework
has been employed to enable analogous decompasdmnss the wage distribution
(Machado and Mata, 2005).

In an early study, Albrecht et al. (2003) find gosg glass ceiling effect for
Sweden; the gender wage gap is increasing alongligtgbution, particularly so
amongst the highest earners. They show that getifferences in returns to labour
market characteristics play an important role iplaixing the wage gap. At the top
end of the earnings distribution, about half of gender gap is attributable to these
unexplained gender differences in returns to lalmaarket characteristics.

Using pooled data for 1995-2001 from the Europeam@unity Household
Panel (ECHP), Arulampalam et al. (2007) study gergips across the earnings
distribution in eleven countries. Their results\shibat the raw gender wage gap in
Britain is relatively constant across the distribat(at around 20%); however, the
portion of the gap due to differences in returngharacteristics is increasing across
the wage distribution. Glass ceilings were notedmiost of the countries in their
analysis, including Britain (Arulampalam et al.,0Z0.

De la Rica et al. (2008) examine gender wage gapSpain across the
distribution of earnings for full-time workers 99 using the quantile regression
framework. Given the relatively low labour markedrficipation rate of Spanish
women, they sub-divide their sample by educationeyTfind evidence of a glass

ceiling effect for the highly educated and a giissr for the lowly educated.

! The literature on gender wage inequality at thamis well established (see surveys by Altonji and
Blank, 1999; Weichselbaumer and Winter-Ebmer, 206%y examples of studies across the wage
distribution see Albrecht et al., (2003) for Swedele la Rica et al.,, (2008) for Spain; and
Arulampalam et al., (2007) for Europe includingtBin.



The possibility of a relationship between the phulig of women working
and their having characteristics associated witghén wages (such as higher
education found in De la Rica et al., (2008)) hesrblong recognised in the literature
(Heckman 1979; Buchinsky 1998; Melly, 2006; Blundslal., 2007; Albrecht et al.,
2009).0livetti and Petrongolo (2008) recently explore tlom random presentation of
women into employment and gender wage gaps (mehsatréhe median of the
distribution) for the US and a range of Europeanntoes (including the UK). They
find consistent evidence of positive selection ofbnven into employment and
conclude that it is essential to correct for trakestion effect when estimating gender
wage gaps.

The Machado-Mata (MM) decomposition across the watgtribution
methodology is further developed to account for ganselection by Albrecht et al.,
(2009) who decompose the gender gap among full-tiroekers in the Netherlands.
They document the presence of a glass ceilingtetlee gender gap is positive across
the distribution but is largest at the highest diles If all women worked full-time,
the average log wage gap between male and femaleewgonould have been higher
in the Netherlands; with the majority of the poasgtiselection effect being associated
with full-time working women’s observed charactdds. They conclude that the
majority of the selection corrected gender pay gapheir study is attributed to
differences in rewards to the labour market chargstics of male and female workers.

In a related study, Nicodemo (2009) decomposes piéne gap between
husbands and wives across the earnings distribafitem allowing for self-selection
of married women into employment in five Mediterean countrie’ using data from
the ECHP 2001 and the EU Statistics on Income awithd. Conditions (EU-SILC)
2006. She finds positive self selection effects vimrking women and substantial
selection corrected wage gaps in each country, thighgreatest portion of the gap
being due to differences in rewards. Britain isinotuded in her study.

In this paper, we use the quantile regressionrdposition method (Machado
and Mata, 2005) to study the gender wage gap iral@gage hourly earnings across
the distribution for full-time workers in Britaim¢luding allowance for possible non-
random selection of women into full-time employméAtbrecht et al., 2009). Our

results can be seen as building on the quantileessgn analysis (without sample

2 Spain, France, Greece, Italy and Portugal.



selection) of Arulampalam et al., (2007) and thimestion of the gender earning gap
with sample selection but only at the median oivé&ti and Petrongolo (2008) for
British employees. In the process, we will applg telection correction technique
developed in Albrecht et al., (2009).

Data and variable selection are discussed in theé section, estimation
methods and sample selection are considered ibse2t results for the earnings
functions estimations are presented and discusseedtion 3, and conclusions are

presented in section 4.

1. Wage Data and the Ear nings Function

Data are taken from the British Household Panev&u(BHPS) which is a nationally

representative, annual sample of private Britishsetolds. Individual adult members
of households are interviewed over a broad rang®abeconomic topics resulting in
a rich and relevant data set. The 2005 wave of idgparticular is used as attitudinal
guestions were introduced in that wave (and noctatgal since) that are important in
the estimation of the selection effect below.

To focus on the full-time employed (and those Ildikstly to be in full-time
education or retirement) the sample is restrictedhtlividuals in the 25 to 55 age
bracket. Non-working and part-time employed rhemd are excluded from the
sample as are the self-employed; the minority ofkers with no expected weekly
working hours; those reporting working more thanhodirs per week; and those with
missing data on any of the important labour madkgiersonal characteristics. Due to
differences in sampling, individuals from Northdreland were not included. The
final sample contains observations for 4,223 irdiails, of whom 3,695 are waged or
salaried workers (1,747 male and 1,948 female) witfurther 528 non-working
women. Variable definitions and summary statisticghe sub-samples of interest are
presented in Table 1 (summary statistics for setedeciles are provided in Table A1
of the Appendix).

% There were only 46 men employed part-time in theéo255 age bracket in the data, most of whom
have missing data on at least one of the impot&dnatur market or personal characteristics usetén t
analysis.



1.1 The distribution of wages in the BHPS
The wage measure used in the analysis is the hdagarithm of average gross
hourly earnings. It is derived from gross monthdy @t last payment and total weekly
hours (both measures include paid overtime). Meavsrage hourly wages are
substantially higher than women'’s in Britain (sexblE 1): the mean gender earnings
gap amongst full-time workers is 16 log wage points

The mean log wage gap may, however, hide impoddfgrences across the
wage distribution, such as those between low earrsrd high earners. The
distribution of earnings is considered in greatetad in Figure 1 which plots the
estimated kernel densities of wages for men and ewmomvorking full-time. The
distribution of male wages is essentially symmetnbile the corresponding female
distribution is unsurprisingly somewhat skewed ke tleft. Figure 2 plots the
differences in the distributions shown in Figuretfis is the raw (unadjusted) gap in
log hourly wages between male and female full-teneployees at each quantile of
the distributio. There is some notable decline between theusd 7' deciles and
subsequent increases across the highest 3 deodgesting the presence of a glass
ceiling®. There does not, however, appear to be a nottible $loor effect in the raw
data® Focussing the analysis on a single point in thgeadistribution (such as the
mean or median) would mask these changes in thdegevage gap that occur across

the earnings distribution.

1.2 The determinants of wages

Most authors have adopted the human capital maxl¢the theoretical basis for the
earnings function (Becker, 1962 and 1964; Minc@g8). This approach is also used
here. At the individual employee level, it is assdmnthat wages increase with
measures of accumulated skills such as educatidrwark experience. Education is
measured by the highest educational qualificatemell achieved (see Table 1). Work

experience is the accumulated years of actual fabwrket work experience using

4 The 95% confidence interval is estimated via boapping with 100 repetitions (see Melly, 2006).
® The gap is 17 log wage points at th&' £&ntile; 18 log wage points at the"agentile; and 20 log
wage points at the &xentile.

® The gap at the®1 5" and 18 centiles is 15 log wage points, whilst the gathat2% centile is 16 log
wage points.



the individual’s employment history since first W&gy full-time educatioh(Halpin,
2006). This is a superior measure than the commosbd proxies of potential
lifetime work experience (Polacheck, 2006; Regath @axaca, 2008). The earnings
function is augmented by the inclusion of furtheplanatory variables: marital status;
occupation; having managerial supervisory dutiesm f size; private sector
employment; and region. (Variable definitions andhaary statistics are provided in
Table 1, similar information for the allocation dfaracteristics across the earnings
distribution for men and women are presented il of the Appendix.)

Considering the characteristics in more detail, thiktime workforce in
Britain is typically well educated: with 75% of otmen and women having a
qualification at A-level or above. However, men @awore years of accumulated
work experience and are disproportionately repiteseim the managerial occupation
as well as skilled trades and operatives. In cefithgomen are over-represented in
administrative/secretarial occupations and in peabkservices.

Occupation has been shown to be an important detentnof wages for full-
time women relative to part-time women in Britaidofinolly and Gregory, 2008;
Manning and Petrongolo, 2008; Olsen et al., 2010) far the pay of full-time men
relative to part-time women (Mumford and Smith, 2@hd 2009). Responsibility for
managerial duties may also be an important detemmiof relative pay. Men are
increasingly more likely to carry out managerialtiési at the higher end of the
earnings distribution (74% of men in th8 @ecile do compared to 51% of the women
in this decile§. Being a manager is also relatively increasingtynmon for men
across the earnings distribution (38% of men indhelecile are, whilst only 12% of
the women are).

Supporting evidence of the relative scarcity ofisemvomen in managerial
positions in high skilled, white-collar occupatiossshown by the Equal Opportunity
Commission (2005), who found that women in Britaiake up just 8% of the senior
judiciary, 8% of senior police officers, 10% of tdjusiness leaders and 9% of

national newspaper editors. Similar results aredofor lawyers in the U.S. with only

" Work experience includes both full-time and partet experience. A more detailed analysis of work-
history in the BHPS by Olsen et al. (2010) findsoaitive net effect of full-time work experience on
wages and no net effect of part-time work expegent wages.

8 The correlation coefficient between being a manage having managerial duties is 0.47 in the
combined sample of full-time employees (0.50 amotigs men and 0.42 amongst the women).



some 6% of law firms having managing partners whe temale (National
Association of Women Lawyers, 2008; pages 2-7).

Table 1 also includes summary statistics for garetand non-working
women in the sample. These women are clearly liésdylon average to have
observed characteristics typically associated gitater earnings potential, such as
higher levels of education and more years of wogteeience. They are considerably
more likely to be married and to have a pre-sclageld child. The high-skilled white-
collar occupations (manager, professional) are gisterally less common amongst
women working part-time than full-time.

Allowance for possible non-random selection of wamiato full-time
employment is included in the estimation of thenegays functions below. To identify
the selection effect, additional information on thge of children present in the
household and on the worker's response to theuditial statement “the family
suffers if the mother works full-time” are includédthe analysis. Fortin (2005) and
Albrecht et al., (2009) both stress the importaot@cluding attitudinal (or belief)
measures in the analysis of women’s employmentsges. This may be particular
important for beliefs that vary across individualsd cultural groups (such as the
relationship between working hours and the perckiability to be a successful
mother). Full-time working women in Britain are $dikely to have young children in
the household and they are more likely to havetpesattitudes to the acceptability

of mothers working full-time.

2. Estimation and selection
The quantile regression model of Koenker and Bags878) is employed to estimate

earnings functions for malés1) and femalegf):

Wim = Xim ’ﬁﬁm + Usim With Quanb(wim IXim) = Xim ,ﬁem i=(1;---; n) (1)
Wit = Xit Bor + Uit With Quanb(wir [Xif) =Xt Por iI=(1,..., n) (2)

wherew; is the natural log of the average hourly earnioigsdividuali; x is a Kx1
vector of regressors measuring a range of individinaracteristics; andi; is a
residual term. The distribution of the residuahtar; is unspecified, butl, satisfies

Quant(wi|x)=0 whereQuang(w; %) denotes théth conditional quantile of; given



X. It can be shown that the estima,ﬁés the quantile regression coefficients, are

consistent estimates of the rates of return to rebslecharacteristics at different
guantiles in the conditional wage distribution (ske example, Machado and Mata,
2005; page 447).

The need to allow for sample selection when estirgadn earnings function,
such as the non-random probability of women beingpleyed full-time, is well
documented by Heckman (1979). Buchinsky (1998) @sep a semi-parametric
estimator for selection correction in the quantiegression model and provides
examples. Albrecht et al., (2009) employ the Buskynmethod and extend the
Machado-Mata (2005) decomposition method to acctamselection in the quantile

regression framework, when estimatf#(@) for women working full-time ff):
Wit = Xitt Bore + No(Ztf ) + Uairr - With Quang(wis|ze= Xirr ) = Xier” Bor + No(zit y) 3)

wherez; is the set of variables that influence the proligttihat a woman works full-
time (including a selection of) for individuali; and the terniy(zsy) is analogous to
the Mill's ratio in the Heckman procedure with garetersy. (For identification,z
also includes at least one continuous variableimdtided inx;.) Table 2 provides
results from standard probit and single index (lma, 1993) estimation of the
determinants of participating in full-time work byomen (in columns 1 and 2,
respectively). Unsurprisingly, women are found to be signifi¢gmhore likely to be
working full-time if they have more years of workperience and higher education
qualifications. In contrast, being married and phesence of dependent children are
both strongly negatively related to the probabitfywomen participating in full-time
employment. Women are also significantly more k&b work full-time if they
disagree with the attitudinal statement “the fansiyffers if the mother works full-
time”.

Figure 3a plots the selection effect or, in otherds, the difference between
the selection-corrected distribution (simulated) #ime actual distribution of full-time
women’s wages in Britain. The selection effect barseen to be positive throughout,

generally sitting between 10 and 20 log wage ppintth a relative increase around

° The constant and the coefficient on the first rardus variable (years of work experience) are not
identified in the single index model, they are nalised here by setting them equal to the
corresponding values in the probit model, therelakimg the results of the two models comparable.



the median and decrease around fhel&ile. There is also some evidence of greater
sample selection into full-time employment by womarthe highest decile of the
earnings distribution. Figure 3a reveals thatvtieenen observed to be working full-
time in Britain have higher earnings potential istwork than do British women in
general; this is especially true for women in tbevdr two thirds of the earnings
distribution.

The selection effect can be decomposed into théopodue to observable
characteristics and the portion due to unobservahégacteristics by modifying the
algorithm and sampling from the empirical distribat of full-time women only
(Albrecht et al., 2009). This produces a distribotof wages that would be observed
if women who do not work full-time had the same trlgition of observed
characteristics as those who actually do worktiolle. The difference between this
distribution and the distribution obtained by saimgplfrom data on all women gives
the portion of the selection effect due to obsele&lsee Figure 3b). The portion due
to unobservables (Figure 3c) is the difference betwthe distribution of wages
obtained by sampling from data on full-time womeard dhe actual distribution of
full-time women’s wages.

The portion of the selection effect related to oakle characteristics can be
seen to be statistically significant for most of trarnings distribution until almost the
85" centile and generally sits below 10 log wage mirtithough there is some
increase suggested in th& decile (Figure 3b). Some insight into this gap ten
gained from Table Al (in the Appendix) which prossd summary statistics for
selected deciles. For those in tHe d&cile of the earnings distributions of full-time
and part-time women (see columns 6 and 9), marthebbservable characteristics
included in the analysis are found to be more sinthan they are at lower deciles. A
characteristic that takes a very different value tftese women with high average
hourly earnings is, however, the presence a preed@yged child: one in two of these
women working part-time has a child of this agssléhan one in six of these women
working full-time does. It would appear that thexgroup of women who, given their
observable characteristics, earn a high salarystwwbrking part-time. At lower level
deciles of the earnings distribution, differencas the average observable
characteristics of full-time and part-time workimgomen become apparent. The
portion of the selection effect related to unobable characteristics is similar in size

and shape across the distribution with a more alsvitecline between thd'and ¢'



deciles (Figure 3c). These findings reveal thatpbsitive selection effect of women
into full-time employment shown in Figure 3a isateld to similarly sized differences
in observable and unobservable characteristicsceted with higher earnings
potential between those women who work full-time afi women.

Ignoring this substantial positive selection intmpoyment for full-time
working women could be expected to lead to incarestimates of the true extent of
the gender earnings gaps in Britain. Allowancedelection is made accordingly in

the estimation of the earnings functions for firtte¢ working women below.

3. Earningsfunction results

Selected results for the quantile regressionsdgraverage hourly earnings for men
(equation 1) and women with Buchinsky selectiorrextion (equation 3 working
full-time in Britain are presented in panels 1 aRdof Table 3, respectively.
(Additional estimation results are available frdm tiuthors upon request.)

The human capital measures (education, experiemtee@perience squared)
are typically found to be significant across thegevadistribution and to have the
expected relationship with earnings for men (Ta&hlpanel 1). In particular, there are
substantial gains associated with higher educafiaiifications, and the total returns
to work experience peak at 13 years and begin ¢orbe negative (starting with the
lowest earnings deciles) at 27 years. Being marisedositively related to higher
wages whilst working in a small workplace (lessntf25 employees) is negatively
associated with wages. These relationships arerggnéound to be similar across
the distribution. In contrast, having a skilled opation (especially managerial,
professional or associate professional) and cagrydut managerial duties are
associated with increasing returns for higher ine@arning males.

The results are similar although less preciselyreded for full-time women
(with the exception of being married). The risirggurns associated with having a
more skilled occupation are clear amongst highenieg women (for example, the
returns to being a manager at tfiedgcile of the earnings distribution are more than
double that of a manager at tH¥ @ecile). These are substantially larger returas th
those found for high earning male managers; thé&ip@smpact on earnings related

to being a manager is some 20% larger for menea8ttrelative to the ¥ decile.

9 The functionhy(z) is a cubic function of the filtered single indexesgion probability (column 2 of
Table 2).
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However, unlike males, the returns associated @atiying out managerial duties are
not rising for higher waged females.

Figure 4 plots the gender wage gap between ful-timen and full-time
women after adjusting for the selection of womeo imployment in Britain. This is
the difference between the male and female log vehsteibutions among full-time
workers if all women had worked full-time. Compansdh the raw gender earnings
gap in Figure 2, the selection adjusted genderiregsrgap is approximately twice as
large overall and there is again some evidence daflass ceiling effect. The
comparatively lower gender wage gap around thel&ile is now also more clearly
visible.

Finally, Figure 5 provides the counterfactual dttion of the gap between
men’s wages and the wages that women would eawoihen working full-time
retain their own distribution of characteristicst lawe rewarded for them like men
working full-time. This gap is not statisticallygsiificant from zero throughout the
distribution indicating that the gender gap woulkantially disappear if women’s

returns to their observed characteristics were lequaen’s.

5. Conclusion

Our results support the use of the quantile regresslecomposition method
(Machado and Mata, 2005), including allowance fosgible non-random selection of
women into full-time employment (Albrecht et alQ@®), to study the gender wage
gap in log average hourly earnings across the mgsndistribution of full-time
workers in Britain.

The mean log gender wage gap between full-time arsrikn Britain is found
to be substantial at 16 log wage points in 200Xkirkathe log wage gap at each
guantile of the male and female distributions, hesve reveals a more complex
picture: the raw gender wage gap shows a tendenitctease across the distribution
with a glass ceiling effect indicated. A strongat&nship between high skilled,
white-collar occupations and carrying out manadetigies with the glass ceiling
effect is indicated in the data. The data alsoaksieable differences in the observed
characteristics of women working full-time relatite those working part-time or
those not in the labour force. Women working fuité are substantially more likely
to have average observed characteristics typi@dbociated with greater earnings

potential.
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The possibility of selection into full-time workrfevomen is found to be to be
significant and positive across the earnings distron apart from the section
between about the 85and 9%' centiles. Decomposing the selection effect reveals
similarly sized portions related to both the obsérand unobserved characteristics of
women working full-time.

After allowing for the positive selection into fitlme employment by British
women, a considerably larger gender earning gafisuigd for full-time workers: the
selection corrected gender wage gap is close tettvie raw gap for women in the
first 6 deciles of the earnings distribution. Theeat of the adjusted gender gap is
relatively lower between thé"7and §' deciles as there are some women who, given
their observable characteristics, are able to admigh salary whilst working part-time.
The gender gap is also increasing across the higeese of the earnings distribution,
providing some evidence of a glass ceiling.

The selection corrected gender wage gap is four foredominantly related
to women receiving lower rewards for their charasties than men. Indeed, the
results suggest the gender wage gap between mewa@ndn working full-time in
Britain would all but disappear across the earnidggribution if these women

received the same returns to their characteriaasen working full-time do.
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Table 1

Variable Definitions and Means (BHPS Wave 15)

- Fullime  _ . Part Non
Definitions men Full-time women time working
@) (3) women women
(1) (4) (5)
Gross hourly wage 13.50 11.48 8.88 -
Log of gross hourly wage 2.47 2.31 2.04 -
Accumulated years of work experience 13.05 11.61 10.60 3.86
Age (years) 39.97 39.94 40.83 40.48
Highest level of education
Degree 0.23 0.29 0.16 0.15
Other higher 0.42 0.36 0.37 0.23
A-levels 0.10 0.10 0.1 0.13
O-levels 0.15 0.15 0.19 0.21
Other secondary 0.05 0.05 0.07 0.11
Minimal (no formal secondary or higher qualification) 0.05 0.04 0.08 0.18
Married (or living in a de facto relationship) 0.63 0.52 0.76 0.62
Disagree that family suffers if mother works full-time 0.40 0.54 0.33 0.30
Dependent Child(ren) present in the household 0.45 0.33 0.70 0.63
Age of youngest child in household
5 years or younger 0.51 0.31 0.45 0.58
6-11 years 0.31 0.37 0.35 0.29
12-15 years 0.18 0.32 0.20 0.12
Region
South of England 0.29 0.27 0.30 0.30
London 0.08 0.10 0.07 0.09
East Midlands 0.23 0.21 0.24 0.24
North of England 0.25 0.26 0.27 0.26
Wales 0.05 0.05 0.05 0.03
Scotland 0.09 0.11 0.08 0.08
Managerial duties 0.47 0.45 0.16 -
Size of firm
Less than 25 0.27 0.29 0.42
25-199 0.38 0.41 0.33
200 or over 0.36 0.30 0.25
Private sector 0.78 0.51 0.53
Occupational category
Managers 0.21 0.15 0.05
Professionals 0.14 0.18 0.09
Assoc Professionals 0.16 0.19 0.10
Admin/Secretarial 0.05 0.23 0.23
Skilled Trades 0.18 0.02 0.02
Personal Services 0.01 0.10 0.18
Sales and Customer
Services 0.02 0.06 0.19
Operatives 0.14 0.03 0.01
Elementary 0.09 0.04 0.14
Number of observations 1747 1283 665 528

Source: British Household Panel Survey, Wave 16s§&sectional weights used.
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Figurel. Kernel density earnings estimates fortiuhke men and women

females

Figure 2: Unadjusted gender log wage gap
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Table 2.

Estimates of the incidence of full-time work amomgsmen.

Probit (1) Single Index (2)
B SE B SE

Constant 0.54* 0.22 0.54 -
Work experience (years) 0.18*** 0.01 0.18 -
Work experience squared (x 100) -0.46*** 0.00 -0.30%*** 0.00
Age -0.04*** 0.00 -0.04*** 0.00
Married -0.30%** 0.06 -0.16*** 0.03
Positive working mother attitude 0.30*** 0.07 0.33*** 0.04
Youngest child aged 0-5 -1.50%** 0.11 -1.74%** 0.08
Youngest child aged 6-11 -0.95%** 0.11 =117 0.06
Positive working mother attitude x " -
Youngest child age 0-5 0.38 0.15 025 0.07
Positive working mother attitude x -
Youngest child age 6-11 0.27 0.16 029 0.08
Highest level of education (ref: none)

Degree 0.94*** 0.12 0.67*** 0.06

Other higher 0.53*** 0.12 0.36*** 0.06

A-levels 0.43** 0.13 0.32%** 0.06

O-levels 0.34** 0.13 0.19** 0.06

Other 0.18 0.15 -0.12 0.07
Number of observations 2476 2476

Source: British Household Panel Survey, Wave 1gniicant at *p<0.05 ** p<0.01 ***p<0.001. The
constant and work experience coefficients in thglsiindex model are normalised. Controls are

included for region.

Figure 3a. Log wage gap between full-time womearbkeand after allowing for

sample selection
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Figure 3b. Selection on observables

log wage gap
2
1

A1
1

T T
0 1 2 3 ! .5
quantile

Figure 3c. Selection on unobservables

2
1

log wage gap
A
1

.6

0 1 2 3 4 .5
quantile

.6

-

17



Selected quantile earnings regression resultsulitime men and women

Table 3.

Men Women
centile 20 50 80 20 50 80
Constant
Work experience (years) 0.04*** 0.04*** 0.04*** 0.03*** 0.02*** 0.02**
Work exp squared (x 100) -0.10%** -0.11%** -0.12%*=* -0.08** -0.02 -0.05
Highest level of education (ref: minimal)
Degree 0.39*** 0.40%** 0.36*** 0.29** 0.31%** 0.27**
Other higher 0.21%** 0.20*** 0.15* 0.13 0.15%** 0.14
A-levels 0.19** 0.22%** 0.17* 0.08 0.12** 0.06
O-levels 0.11 0.12** 0.07 0.06 0.10* -0.01
Other secondary 0.06 0.11 0.04 0.02 0.04 0.08
Married 0.08** 0.09*** 0.09** -0.01 0.01 -0.04
Managerial duties 0.10%*** 0.15%** 0.20%** 0.15%** 0.12%** 0.14%**
Size of firm (ref: 200 or over)
Under 25 -0.19%** -0.19*** -0.16*** -0.09* -0.13%** -0.13%**
25-199 -0.07** -0.08*** -0.06 -0.03 -0.02 -0.04
Private sector -0.00 0.02 0.06* -0.06 -0.01 -0.01
Occupational category (ref: elementary)
Managers 0.42%** 0.47*** 0.48*** 0.30%** 0.47** 0.68***
Professionals 0.49%** 0.52%** 0.54*** 0.63*** 0.75*** 0.72%**
Assoc Professionals 0.34*** 0.34*** 0.37*** 0.41%** 0.52%** 0.52***
Admin/Secretarial 0.15* 0.16*** 0.22** 0.26*** 0.27*%** 0.28***
Skilled Trades 0.18*** 0.17*** 0.19*** -0.01 0.06 0.06
Personal Services 0.09 0.10 0.14 0.10 0.13* 0.15
Sales and customer serv. 0.02 -0.01 0.07 0.06 0.11 0.17
Operatives 0.12%** 0.10* 0.13** 0.15 0.12* 0.15
Pseudo R-Square 0.25 0.31 0.31 0.28 0.35 0.35
Number of observations 1747 1283

Source: British Household Panel Survey, Wave 1gniicant at * p<0.10 ** p<0.05 ***p<0.01.
Controls are included for region.

Figure 4. Gender log wage gap between full-time’'memages and the
wages that would be observed if all women worké#difoe
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Figure 5. Log wage gap between full-time men afetime women paid like men
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Appendix.

Table Al.

Descriptive statistics for selected deciles of woiand men'’s earnings distributions

(column %)

Full-time men Full-time women Part-time women
deciles ond 5th gth ond 5th gth ond 5th gth
(1 @ ) @ () (6) Yl ®) ©)
5.23 10.34 18.98 4.61 8.82 16.09 3.7 6.47 13.26
Hourly wage (Mean, SD) 099) (034  (1.39) | (090) (035  (101) | (075 (0200  (1.24)
Work experience, years 9.90 12.43 12.35 10.06 10.54 10.00 7.86 10.27 10.11
(Mean, SD) (6.53) (6.32) (5.67) (5.81) (5.26) (5.26) (5.43) (5.99) (4.98)
Highest level of education
Degree 8.00 14.94 47.43 10.08 16.41 65.89 7.46 8.96 41.79
Other higher 26.29 4713 4114 31.01 45.31 24.03 31.34 37.31 32.84
A-levels 16.00 11.49 8.57 11.63 10.16 3.10 17.91 11.94 8.96
O-levels 23.43 18.97 1.71 20.93 17.19 6.20 17.91 25.37 13.43
Other secondary 9.14 5.75 0.57 8.53 10.16 0.78 10.45 7.46 1.49
Minimal 17.14 1.72 0.57 17.83 0.78 0.00 14.93 8.96 1.49
Married 4514 56.90 67.43 62.79 53.91 55.81 64.18 76.12 74.63
Child(ren) present 35.43 46.55 49.71 36.43 30.47 36.43 64.18 61.19 77.61
Age of youngest child in
household
5 years or younger 21.71 2414 25.71 10.08 8.59 15.50 23.88 22.39 49.25
6-11 years 11.43 13.79 14.29 14.73 10.94 10.85 28.36 22.39 16.42
12-15 years 6.45 18.52 19.54 31.91 35.90 27.66 18.60 26.83 15.38
Disagree that family suffersif 4y 4, 4368 3943 | 4651 5469 5814 | 3881 3134 3084
mother works full-time
Region
South 14.29 22.41 28.57 13.18 21.09 23.26 25.37 23.88 11.94
London 1.71 2.87 8.57 0.78 3.91 8.53 597 2.99 7.46
East Midlands 16.57 17.82 15.43 17.05 19.53 11.63 16.42 14.93 22.39
North 15.43 18.97 18.86 16.28 15.63 17.05 17.91 25.37 20.90
Wales 26.86 18.39 5.71 24.03 17.19 12.40 19.40 13.43 13.43
Scotland 25.14 19.54 22.86 28.68 22.66 2713 14.93 19.40 23.88
Managerial duties 24.00 40.23 73.71 24.81 37.50 51.16 5.97 19.40 34.33
Size of firm
Under 25 43.43 27.59 20.57 51.94 31.25 14.73 53.73 44.78 29.85
25-199 33.14 38.51 35.43 33.33 43.75 52.71 29.85 35.82 26.87
200 or over 23.43 33.91 44.00 14.73 25.00 32.56 16.42 19.40 43.28
Private sector 90.29 78.16 67.43 72.87 51.56 19.38 74.63 53.73 35.82
Occupational category
Managers 6.86 12.07 37.71 8.53 14.84 11.63 1.49 4.48 8.96
Professionals 2.86 6.90 32.00 0.00 10.16 54.26 1.49 1.49 23.88
Technicians and 5.71 20.11 18.29 3.10 14.06 27.13 5.97 5.97 28.36
Associate Professionals
Admin/Secretarial 3.43 8.05 3.43 15.50 32.03 4.65 8.96 29.85 25.37
Skilled Trades 20.00 31.03 3.43 6.20 1.56 0.00 2.99 1.49 0.00
Personal Services 3.43 1.15 0.57 24.03 15.63 0.78 26.87 25.37 10.45
Sales and Customer
Services 7.43 3.45 0.57 19.38 6.25 0.78 31.34 16.42 0.00
Operatives 23.43 12.64 3.43 9.30 3.13 0.78 0.00 1.49 1.49
Elementary 26.86 4.60 0.57 13.95 2.34 0.00 20.90 13.43 1.49
No. observations 175 174 175 129 128 129 67 67 67

Source: British Household Panel Survey, Wave 15.
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